529 BH 3 ) Hh E B B IR MR SN 2 S Vol. 29 No.3
2023 46 H Chin J Otorhinolaryngol Skull Base Surg Jun. 2023

RS 5 % % -
#1285 5 ) 76 T 4R BRI T 55 vh Y R A o R

DOI:10. 11798/j. issn. 1007 — 1520. 202322022

EREE, 2R &

(BHREAKREERER FRR% kM ARSI T, 7 100053)

BRI (PA) R IR T X R WA RER . SR AR & R BT R . X
F PA (IR R F & SR 2R MR TR FBOR ) S B BFR 808 5 2% TR 26y Bk £
Ko WiG E K EE IR R L5, 45 PA (R DCHI ST R T B RBR . DL 2 2 16 S 2 R U i — o () 1
FEHT %, AT B TR BE A8 55 402 ol T 245 SR A o B M A AR 0, OAA YT I TS B R BRI T A A B, A
SCHEIE AR ML AR 2T HE PA 1297 v A i R — 453k .

% BRI HLES A T T

HESES R651.173

Research progress in the application of machine
learning in diagnoses of pituitary adenoma

HOU Siyuan, WANG Zhenlin
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Beijing 100053, China)

Abstract : Pituitary adenoma (PA) is a common benign tumor originating in the sellar region. With the development of
the examination technology, the incidence of PA has been increasing yearly. However, the related research data has
become complex due to the diverse clinical manifestations, various pathological types of PA, and different treatment
approaches. Additionally, previous diagnosis and treatment methods of PA are mainly based on the clinical experience of
doctors, which brings great challenges to the related research of PA. As a new research method in the field of artificial
intelligence, machine learning can achieve in-depth excavation and classification of data. Machine learning can improve the
accuracy of prediction results and provide strong assistance in treatment and prognosis assessment. This paper provides a
comprehensive review of recent advances in the application of machine learning in diagnosing and treating PA.
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